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systematic review has assessed the quality of mental health or 
neurodivergence-related information on social media. This systematic 
review aimed to assess the quality, reliability, and prevalence of 
misinformation in such content, comparing findings across platforms and 
topics. Searches were performed in MEDLINE Ultimate, APA PsycINFO, CINAHL, 
and Scopus. Studies were eligible if they evaluated the accuracy, quality, or 
reliability of mental health or neurodivergent-related information on social 
media platforms. Twenty-seven studies met the inclusion criteria and were 
critically appraised using a bespoke tool assessing the search, evaluation, 
and methodological quality. Due to heterogeneity, the findings were 
synthesized narratively. Across the 27 included studies, 5057 social media 
posts were analysed. Misinformation prevalence ranged from 0% to 56.9% 
and was higher on TikTok than YouTube, and neurodivergence-related 
content showed higher misinformation prevalence than mental health 
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1. Introduction 

Social media platforms, such as YouTube, Facebook, Instagram, and TikTok, are increasingly utilized for 

health information-seeking purposes (Falgoust et al., 2022; Neely et al., 2021; Sumayyia et al., 2019). The 

interactive and dynamic nature of social media promotes the sharing of experiences and peer support, which 

can be beneficial for those seeking health information (Chen & Wang, 2021; Zhao & Zhang, 2017). Social media 

algorithms serve users content that aligns with their existing interests and beliefs, while limiting exposure to 

different perspectives, creating an “echo chamber” (Cinelli et al., 2021). Echo chambers limit users’ exposure to 

differing perspectives and can therefore reinforce misleading claims. These processes align with theories of 

selective exposure and confirmation bias, which suggest that individuals preferentially engage with content that 

confirms their existing beliefs, thereby reinforcing misinformation within algorithmically curated platforms 

(Cinelli et al., 2021; Nickerson, 1998). The lack of verification and regulation on social media platforms raises 

further concerns about the accuracy and reliability of the ‘infinite scroll’ of information users consume (Girardi 

et al., 2022; Wang et al., 2019).   

Commentators have highlighted TikTok’s algorithmic model as a key factor in the spread of 

misinformation (Grandinetti & Bruinsma, 2022). To encompass the variety of definitions outlined in the 

literature, the present review defines misinformation as a claim which is based on anecdotal, false, or misleading 

information due to a lack of scientific evidence (Suarez-Lledo & Alvarez-Galvez, 2021). This definition aligns 

with the broader “information disorder” framework, which conceptualizes misinformation as information that is 

false, but not created with the intent on causing harm (Wardle & Derakhshan, 2017). Misinformation is 

particularly prominent on social media; one review found that up to 80% of health-related content was 

misinformation, while another found that health-related misinformation was more popular than accurate health 

information (Suarez-Lledo & Galvez, 2021; Wang et al., 2019). Health misinformation has been linked to harmful 

consequences, such as promoting misinformed behaviors and heightening distress during health emergencies 

and pandemics (Borges do Nascimento et al., 2022; Kim & Tandoc, 2022).   

Mental health misinformation can perpetuate stigma, which can lead to discrimination and delays in 

people seeking professional help (Corrigan et al., 2014). Inaccurate beliefs about the causes of mental illness, 

such as that mental health problems are due to weakness, can reinforce negative stereotypes and discourage 

individuals from accessing treatment (Henderson et al., 2013). Furthermore, research has found that 

misinformation that portrays mental illnesses as dangerous or untreatable leads to public fear (Clement et al., 

2015; Knaack et al., 2017). In addition, misinformation about treatment options, such as promoting non-

evidence-based treatments, can delay people from receiving appropriate care and ultimately result in poorer 

outcomes (McVay, 2023; Starvaggi et al., 2024).   

Studies have reported an increase in young people self-diagnosing with mental health conditions and 

neurodivergence following information they have seen on social media (Gilmore et al., 2022; Hasan, 2023). This 

is concerning as incorrect self-diagnosis based on misinformation could conceivably result in delayed or 

inappropriate treatment and contribute to the pathologization of behaviors, although there is a lack of existing 

research on this topic. This trend can be partially understood through a mental health literacy framework, which 

suggests that low public understanding of diagnostic criteria could increase vulnerability to misinformation 

(Jorm, 2000) 

In this review, neurodivergence specifically refers to neurodevelopmental conditions such as autism and 

ADHD, which are conceptually distinct from mental health conditions. These constructs are examined together 

as they commonly co-occur within mental health discourse on social media and are similarly affected by 

misinformation on these platforms (Starvaggi et al., 2024). Despite these potentially significant implications for 

public (mental) health and increasing research in this area, a comprehensive systematic review that assesses 

the quality, reliability, and prevalence of mental-health and neurodivergence-related misinformation across 

social media platforms has yet to be conducted. While one literature review summarized recent findings related 

to this topic (Starvaggi et al., 2024), it did not utilize systematic search or appraisal methods and was limited 

to a small number of studies and therefore does not provide a full picture of the present issue. The present 

systematic review addresses this gap by assessing the quality and accuracy of mental health and 

neurodivergence-related information across different social media platforms. Through a narrative synthesis of 

the data, this review sought to answer the following questions: (1) What is the prevalence of mental health and 

neurodivergence-related misinformation on social media? (2) What is the quality and reliability of mental health 

and neurodivergence-related information on social media? (3) Does the accuracy, quality, and reliability of 

mental health and neurodivergence-related information vary across social media platforms and topics?   
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2. Method 

2.1. Guidelines 

This review was prospectively registered on Open Science Framework (OSF) 

(https://doi.org/10.17605/OSF.IO/EHJBK). The review was then conducted and reported according to the 

Preferred Reporting Items for Systematic Reviews and Meta-Analyses (PRISMA) (Page et al., 2021) guidelines 

and the Synthesis Without Meta-analysis (SWiM) guidelines (Campbell et al., 2020).   

2.2. Search Strategy 

The databases included in the search were MEDLINE Ultimate, APA PsycINFO, CINAHL, and Scopus. These 

databases were searched on the 1st October 2024 using the following search terms: ("mental health" OR 

"mental illness" OR "mental disorder" OR psychosis OR dissociation OR schizophreni* OR adhd OR CBT OR 

"cognitive behavioural" OR "eating disorde*" OR anorexi* OR bulimi* OR OCD OR autism OR ASD OR BPD OR 

"personality disorder" OR depression OR bipolar OR "obsessive compulsive" OR anxiety OR "attention-deficit 

hyperactivity disorder" OR ptsd OR "post-traumatic" OR phobia OR "body dysmorphic disorder" OR 

psychotherapy) AND (misinformation OR disinformation OR accurate OR accuracy OR "fake news" OR useful OR 

quality OR reliable OR reliability OR credibility OR credible OR trustworth* OR DISCERN OR misleading) AND 

("social media" OR youtube OR reddit OR facebook OR twitter OR instagram OR tiktok OR pinterest OR tumblr) 

NOT (covid-19 or coronavirus or pandemic). An academic librarian approved the strategy and databases. Google 

Scholar and reference lists of eligible articles were also searched.  

2.3. Eligibility Criteria 

2.3.1. Inclusion Criteria 

Studies were included if the objectives were to evaluate the quality and/or accuracy of mental health and 

neurodivergence-related information on social media platforms. All methods of assessing the quality and/or 

accuracy of this information were eligible. Studies were included if they were written in English and no date 

restrictions were implemented.  

2.3.2. Exclusion Criteria 

Studies were excluded if they did not assess the quality and/or accuracy of mental health or 

neurodivergence-related information on social media. For example, studies were excluded if they explored 

attitudes towards mental health misinformation on social media or if they evaluated mental health information 

on standard websites.  

2.4. Study Selection 

Once the search was conducted, duplicates were identified and removed. The remaining articles were 

screened based on title and abstract by the lead reviewer (AC), who also screened the full text of all potentially 

eligible articles to identify studies which met the criteria for inclusion. A second rater (AO) reviewed 25% of 

articles at each stage. While formal inter-rater reliability statistics were not calculated, the reviewers discussed 

and aligned the inclusion criteria in advance, and discrepancies were resolved through discussion. Screening 

was conducted in Rayyan. 

2.5. Data Extraction 

Data extraction was conducted on Microsoft Excel using a pre-determined data extraction template by 

the lead reviewer (AC), which was piloted on a sample of the included studies. A second reviewer (JM) extracted 

data for 25% of the included studies, and any discrepancies were discussed and resolved. Extracted data 

included key study characteristics such as author(s), year, study design, sample size (i.e., number of social media 

posts evaluated), social media platform, topic(s), how misinformation was defined, evaluation method(s), and 

results (i.e., misinformation prevalence, information quality, and reliability). From piloting the extraction 

template, the DISCERN scale (Charnock et al., 1999) and Global Quality Scale (GQS) (Bernard et al., 2007) 

appeared to be frequently used and were therefore added to the extraction table.  
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2.6. Quality Ratings 

Due to the nature of the review questions, the research designs utilized within this topic differ from the 

standard experimental, observational or qualitative designs usually seen within the field of psychology and did 

not contain participants. This meant standard tools for assessing the quality of studies, such as the Mixed 

Methods Appraisal Tool (MMAT) (Hong et al., 2018) and Critical Appraisal Skills Programme (CASP) (CASP, 

2018) checklist were not applicable. A quality appraisal tool created and used in a similar review exploring 

health misinformation on social media was therefore used, which fit with the study designs used in this topic 

(Suarez-Lledo & Alvarez-Galvez, 2021) (Table 1). This tool assessed the quality of the search strategy used (S-

score) (eight items), how rigorous the evaluation was (E-score) (six items) and a general evaluation of the quality 

of the research process, such as the methodology, reporting of the results and discussion, for either quantitative 

(9 items) or qualitative (6 items) studies (G-score). Each score was calculated as the sum of each of the items 

by equating “yes” or “good” as 1 point, “fair” as 0.5 points, and “no” or “poor” as 0 points. A higher score 

indicates that a study is of good quality, while a lower score indicates a poor-quality study, with scores <50% 

classed as low quality. As the original tool does not yield a category for high quality studies, the authors of the 

present review took the decision to classify studies with a rating of over 75% as high quality. This threshold was 

selected to enable transparent categorisation and comparison of study quality. All of the included studies were 

critically appraised by AC, with a second reviewer (JM) assessing 25% of these. Any discrepancies were discussed 

and resolved.  

 

Table 1. Quality assessment tool. 

Dimension Items 

Search Quality (SQ) 

1. Was search date/period mentioned? 

2. Was search tools mentioned? 

3. Was more than 1 search tool used? 

4. Was search terms mentioned? 

5. Was user engagement mentioned? 

6. Was initial hits reported? 

7. Was posts in more than 1 language assessed? 

8. Was interrater reliability for post selection determined 

Evaluation Quality (EQ) 

1. Raters blinded for the source 

2. Number of raters reported 

3. More than 1 rater 

4. Interrater reliability figure for evaluation determined 

5. A priori criteria defined for accuracy / A priori criteria defined for 

evaluation 

6. Criterion standard for evaluation stated and different from personal 

opinion 

Scoring system for methodological 

quality of quantitative included studies 

(GQ) 

1. Did the study address a clearly focused issue? 

2. Did the authors use an appropriate method to answer their question? 

3. Was the study population clearly specified and defined? 

4. Were measures taken to accurately reduce measurement bias? 

5. Were the study data collected in a way that addressed the research issue? 

6. Did the authors take sufficient steps to assure the quality of the study 

data? 

7. Was the data analysis sufficiently rigorous? 

8. How complete is the discussion? 

9. To what extent are the findings generalizable to other international 

contexts? 

Scoring system for methodological 

quality of qualitative included studies 

(GQ) 

1. Were steps taken to increase rigour in the analysis of the data? 

2. Were the findings of the study grounded in/ supported by the data?  

3. Please rate the findings of the study in terms of their breadth and depth. 

4. To what extent does the study privilege the perspectives and experiences 

of health care professionals and patients/carers that are relevant to 

comparable health systems 

5. Overall, what weight would you assign to this study in terms of the 

reliability/ trustworthiness of its findings?  

6. What weight would you assign to this study in terms of the usefulness of 

its findings for this review? 
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2.7. Synthesis 

A meta-analysis was deemed to be inappropriate for the analysis due to significant heterogeneity across 

the included studies. This included variation in the social media platforms examined and differences in topic 

focus (i.e., mental health and neurodivergence). Studies also varied in both the evaluation methods and 

reporting formats, which limited the comparability of results. Therefore, a narrative synthesis of the findings 

from the included studies is provided, adopting the Synthesis without Meta-Analysis (SWiM) guidelines 

(Campbell et al., 2020), structured around the quality of the research, findings related to the quality and 

reliability of the information, including the misinformation prevalence and whether this varies by social media 

platform or topic. 

3. Results 

3.1. Identification of Studies 

Of 2772 abstracts identified for screening, 46 full text papers were retrieved and screened, yielding 26 

studies which met the criteria for inclusion. An additional paper was identified through searching the reference 

lists of included papers, resulting in a total of 27 studies. A PRISMA flowchart is presented in Figure 1.  

 
Figure 1. Prisma flow diagram. 

3.2. Study Characteristics  

The characteristics and findings for each included study are outlined in Table 2 and a narrative summary 

is also provided. In terms of platforms, included studies evaluated information on Instagram (n=1), YouTube 

Kids (n=1), Facebook (n=2), X (formerly Twitter) (n=1), TikTok (n=5), and YouTube (n=18). One of these studies 

evaluated both TikTok and YouTube.   
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Nearly a third of the included studies focused on neurodivergence, specifically autism (n=4) and attention-

deficit hyperactivity disorder (ADHD) (n=4). The remaining studies focused on a variety of mental health 

diagnoses and treatments, including anorexia nervosa (n=3), post-partum depression (PPD) (n=2), bipolar 

disorder (n=2), obsessive-compulsive disorder (OCD) (n=2), substance abuse (n=1), dissociative identity disorder 

(DID) (n=1), schizophrenia (n=1), psychosocial interventions for schizophrenia (n=1), MDMA-assisted 

psychotherapy for PTSD (n=1), agoraphobia (n=1), MRI claustrophobia (n=1), electroconvulsive therapy (ECT) 

(n=1), and “mental health” (n=1). One study also explored anxiety, depression and ADHD within the same 

paper. In total, 5057 social media posts were analyzed across the 27 included studies. The smallest sample was 

38 YouTube videos, while the largest was 1532 Facebook statements. 

Table 2.  Study characteristics and results.  

Publicati

on 
Platform Topic Sample 

Definition of 

Misinformation 

Prevalence of 

Misinformation 
DISCERN GQS 

Quality 

Rating (%) 

Abhishek 

et al. 

(2021) 

YouTube OCD 
82 

videos 

Grossly deviating 

from DSM-5 

descriptions. 

Meaning of 

obsessions - 

8.5% 

Meaning of 

compulsions - 

4.9% 

N/A N/A 67.40 

Abu 

Sabra & 

Al 

Kalaldeh 

(2024) 

YouTube ECT 
250 

videos 
Not recorded N/A 

3 (Median) 

mDISCERN 
3 (Median) 71.74 

Alsabhan 

et al. 

(2024) 

YouTube 
Bipolar 

Disorder 

58 

videos 
Not recorded N/A 

35.8 

(Median) 

Full 

DISCERN 

N/A 65.22 

Aragon-

Guevara 

et al. 

(2023) 

TikTok Autism 
133 

videos 

Lack of consistency 

with existing 

scientific knowledge 

related to causes, 

presentation, 

diagnostic criteria, 

evidence-based 

interventions, 

and    other relevant 

areas of research. 

41% N/A N/A 76.101 

Bizzotto 

et al. 

(2023) 

Facebook 
Mental 

Health 

1532 

stateme

nts 

Not recorded 26.1% N/A N/A 43.48 

Brown et 

al. (2024) 
TikTok Autism 

100 

videos 

Videos containing 

any factually untrue 

or scientifically 

unsubstantiated 

claims about any 

aspect of ASD. 

40% N/A N/A 60.87 

Cavalcant

e et al. 

(2023) 

 

YouTube Autism 
216 

videos 
Not recorded N/A 

3 (Median) 

mDISCERN 
3 (Median) 71.74 

Chakraba

rty et al. 

(2024) 

YouTube Autism 
41 

videos 
Not recorded N/A 

Type of 

uploader: 

Doctors – 3 

Hospitals – 

3 

Healthcare 

organizatio

n - 2.5 

News 

channel - 2 

Parent of 

patient – 3 

Patient - 3 

(Medians) 

mDISCERN 

 

Type of 

uploader: 

Doctors – 

5 

Hospitals 

– 3 

Healthcare 

organizati

on - 3 

News 

channel - 

2 

Parent of 

patient – 4 

Patient – 4 

(Medians) 

67.40 
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Dobosz et 

al. (2023) 
YouTube 

Body 

Dysmorp

hic 

Disorder 

38 

videos 
Not recorded N/A 

32.89 

(Mean) 

Full 

DISCERN 

Total: 2.84 

Type of 

uploader: 

Healthcare

 – 3.83 

Non-

healthcare 

– 2.53 

(Medians) 

 

71.74 

Joseph et 

al. (2015) 
Twitter 

Schizophr

enia 

685 

Tweets 

Medically 

inappropriate Tweets 

make direct 

reference to 

inaccurate facts 

about the illness. 

“Schizophrenia” 

– 6.6% 

“Schizophrenic” – 

30.1% 

Total – 18.76% 

 

N/A N/A 54.35 

Kaya et 

al. (2021) 
YouTube OCD 

131 

videos 
Not recorded N/A 

33.5 

(Median) 

Full 

DISCERN 

N/A 73.90 

Kaya & 

Azturk 

(2023) 

YouTube 
Agorapho

bia 

50 

videos 

Videos containing 

false or unreliable 

content. 

22% 

Total: 3.55 

Type of 

uploader: 

Professiona

ls – 3.78 

Non-

professiona

ls – 2.89 

(Means) 

mDISCERN 

 

Total: 3.4 

Type of 

uploader: 

Profession

als – 3.57 

Non-

profession

als – 2.92 

(Means) 

69.60 

Kumar & 

Jha 

(2018) 

YouTube 

Psychoso

cial 

interventi

ons for 

Schizophr

enia 

49 

videos 
Not recorded 

Psychosocial 

interventions – 

0% 

Interventions in 

general – 8% 

CBTp – 0% 

CR – 12% 

N/A N/A 58.70 

Kyarunts 

et al. 

(2022) 

YouTube 

MDMA-

assisted 

psychothe

rapy for 

PTSD 

100 

videos 
Not recorded N/A 

31.30 

(Mean) 

Full 

DISCERN 

2.3 (Mean) 56.52 

Liu-

Zarzuela 

et al. 

(2023) 

YouTube 

Postpartu

m 

Depressio

n 

64 

videos 

Videos containing: 1) 

An inaccurate 

definition of PPD, 2) 

At least one 

inaccurate statement 

about the 

mechanism of PPD, 

and 3) At least one 

inaccurate statement 

about the 

treatment/managem

ent of PPD. 

Total: 7.81% 

Type of 

Uploader: 

Psychiatrist – 0% 

Other healthcare 

provider – 0% 

Health 

organization – 

11.11% 

Television clip – 

0% 

News channel – 

8.33% 

Other 

organization – 

11.11% 

Independent 

user – 12.50% 

 

1.87 (Mean) 

mDISCERN 

 

2.73 

(Mean) 
80.43 

Liu-

Zarzuela 

et al. 

(2024) 

Facebook 

Postpartu

m 

Depressio

n 

69 

videos 

Videos containing: 1) 

an inaccurate 

statement about 

PPD, 2) provided an 

inaccurate 

explanation of the 

mechanism/pathoge

nesis of PPD, 3) 

included an 

Total: 3% 

Type of 

Uploader: 

Healthcare 

provider – 0% 

Healthcare 

organization – 

0% 

2.32 (Mean) 

mDISCERN 

 

2.48 

(Mean) 
76.10 
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inaccurate statement 

about the 

treatment/managem

ent of PPD. 

Television clip – 

0% 

News channel – 

0% 

Other 

organization – 

7.69% 

Independent 

user – 7.69% 

Lookingbi

ll et al. 

(2023) 

TikTok Anorexia 
200 

videos 
Pro-anorexia content. 29.5% N/A N/A 58.70 

Mallya et 

al. (2024) 

YouTube 

(Kids) 

Depressio

n, Anxiety 

& ADHD 

163 

videos 

Videos containing an 

inaccurate 

definition of the 

condition, an 

inaccurate statement 

about 

the condition’s 

mechanism, and/or 

an inaccurate 

statement 

about the condition’s 

treatment/managem

ent. 

Depression – 0% 

Anxiety – 0% 

ADHD – 8.89% 

N/A N/A 52.17 

Munoz et 

al. (2024) 

YouTube, 

TikTok 

Dissociati

ve 

Identity 

Disorder 

60 

YouTube 

videos 

97 

TikTok 

videos 

1) An inaccurate 

definition on   at 

least one portion of 

the definition of DID 

per the DSM-V-TR, 2) 

An inaccurate 

statement on at least 

one portion on the 

mechanism of 

DID, and 3) An 

inaccurate statement 

on at least one 

portion on the 

treatment/   manage

ment of DID. 

YouTube 6.7% 

TikTok 10.3% 

YouTube 

1.7 

TikTok 0.4 

(Means) 

mDISCERN 

 

YouTube 

1.8 

TikTok 1.1 

(Means) 

73.90 

Mutlu & 

Arik 

(2023) 

YouTube 

MRI 

Claustrop

hobia 

65 

videos 

Videos containing 

scientifically 

inaccurate content 

that misleads 

patients regarding 

decisions or 

treatment. 

56.92% 

Type of 

uploader: 

Professiona

ls – 4.06 

Non-

professiona

ls – 2.90 

(Means) 

mDISCERN 

Type of 

uploader: 

Profession

als – 4.13 

Non-

profession

als – 2.08 

(Means) 

76.10 

Niu & 

Reed 

(2023) 

YouTube 
Substanc

e Abuse 

100 

videos 
Not recorded 25% N/A N/A 41.30 

Patel et 

al. (2023) 
Instagram 

Bipolar 

Disorder 

196 

posts 
Not recorded N/A 

Type of 

uploader: 

Medical 

professiona

ls - 1 

Healthcare 

organizatio

n -2 

Patient – 1 

Others – 1 

(Medians) 

mDISCERN 

Type of 

uploader: 

Medical 

profession

als - 3 

Healthcare 

organizati

on -2 

Patient – 2 

Others – 2 

(Medians) 

58.70 

Suresh et 

al. (2023) 
YouTube Anorexia 

59 

videos 
Not recorded N/A 

Type of 

uploader: 

Doctors – 4 

Hospital/he

althcare 

organizatio

n – 4 

Type of 

uploader: 

Doctors – 

4 

Hospital/h

ealthcare 

54.35 
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News 

channel – 3 

Patient – 3 

Other – 3 

(Medians) 

mDISCERN 

 

organizati

on – 4 

News 

channel – 

4 

Patient – 4 

Other – 4 

(Medians) 

Syed-

Abdul et 

al. (2013) 

 

YouTube Anorexia 
140 

videos 
Pro-anorexia content. 29.3% N/A N/A 73.90 

Thapa et 

al. (2018) 

 

YouTube ADHD 
159 

videos 
Not recorded 38.36% N/A N/A 67.40 

Ward et 

al. (2020) 
YouTube ADHD 

120 

videos 
Not recorded N/A 

Total: 2.03 

Type of 

uploader: 

Neurologist

s, 

pediatrician

s, 

psychiatrist 

(MD) – 2.63 

Other 

medical 

professiona

l (non-MD) - 

3.40 

Nonmedical 

professiona

l – 1.69 

PhD – 2.13 

Company/a

dvertiser - 

2.40 

(Means) 

mDISCERN 

N/A 52.17 

Yeung et 

al. (2022) 
TikTok ADHD 

100 

videos 

Videos containing 

information lacking 

scientific evidence 

(e.g., unsubstantiated 

claims about ADHD). 

Total: 52% 

Type of 

uploader: 

HCP – 3% 

Non-HCP – 55.1% 

 

N/A N/A 76.10 

Note. DISCERN (Charnock et al., 1999); modified DISCERN (mDISCERN) (Singh et al., 2012); Global Quality Scale (GQS) (Bernard et al., 2007). 

Abbreviations: ADHD, attention-deficit hyperactivity disorder; ECT, electroconvulsive therapy; GQS, Global Quality Scale; HCP, healthcare 

professional; MDMA, 3,4-Methylenedioxymethamphetamine; MRI, magnetic resonance imaging; OCD, obsessive-compulsive disorder; PTSD, 

post-traumatic stress disorder  

 

3.3. Quality Ratings 

The mean quality rating for included studies was 64.82%, with a range of 41.30% (Niu & Reed, 2023) to 

80.43% (Liu-Zarzuela, 2023), indicating variation in quality. A summary table of the quality ratings for all 

included studies is outlined in Table 3.  Amongst the included studies, Aragon-Guevara et al. (2023), Liu-

Zarzuela et al. (2023), Liu-Zarzuela et al. (2024), Mutlu et al. (2023), and Yeung et al. (2022) were deemed to 

be of the highest quality. The studies rated as low quality were Bizzotto et al. (2023) and Niu and Reed (2023). 

A common weakness was search quality: 25/27 studies included social media content in only one language, and 

24/27 did not assess interrater reliability for post selection. Studies also frequently lacked measures to reduce 

measurement bias, with 16/27 studies failing to report an interrater reliability figure for the evaluation. 

3.4. Synthesis 

It was not possible to group findings by social media platform and topic due to differences in 

measurement and reporting methods, which would not have allowed for sufficiently large groups to coherently 

synthesize the findings. Findings are grouped by the measurement method used and comparisons drawn 

between platforms and topics within this. 
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Table 3. Summary of quality ratings. 

Study SQ EQ GQ Total 

Abishek et al. (2021) 50.00 75.00 77.78 67.40 

Abu Sabra et al. (2024) 62.50 66.67 83.33 71.74 

Alsabhan et al. (2024) 50.00 66.67 77.78 65.22 

Aragon-Guevara et al. (2023) 62.50 75.00 88.89 76.10 

Bizzotto et al. (2023) 18.75 41.67 66.67 43.48 

Brown et al. (2024) 50.00 58.33 72.22 60.87 

Cavalcante et al. (2023) 50.00 75.00 88.89 71.74 

Chakrabarty et al. (2024) 62.50 58.33 77.78 67.40 

Dobosz et al. (2023) 43.75 83.33 88.89 71.74 

Joseph et al. (2015) 25.00 66.67 72.22 54.35 

Kaya et al. (2021) 50.00 83.33 88.89 73.90 

Kaya et al. (2023) 50.00 83.33 77.78 69.60 

Kumar et al. (2018) 56.25 50.00 66.67 58.70 

Kyarunts et al. (2022) 50.00 33.33 77.78 56.52 

Liu-Zarzuela et al. (2023) 62.50 83.33 94.44 80.43 

Liu-Zarzuela et al. (2024) 50.00 83.33 94.44 76.10 

Lookingbill et al. (2023) 37.50 58.33 77.78 58.70 

Mallya et al. (2024) 31.25 66.67 61.11 52.17 

Munoz et al. (2024) 56.25 75.00 88.89 73.90 

Mutlu et al. (2023) 50.00 83.33 94.44 76.10 

Niu et al. (2023) 31.25 33.33 55.56 41.30 

Patel et al. (2023) 50.00 33.33 83.33 58.70 

Suresh et al. (2023) 37.50 33.33 83.33 54.35 

Syed-Abdul et al. (2013) 68.75 75.00 77.78 73.90 

Thapa et al. (2018) 50.00 75.00 77.78 67.40 

Ward et al. (2020) 31.25 66.67 61.11 52.17 

Yeung et al. (2022) 62.50 75.00 88.89 76.10 

3.5. Definitions of Misinformation 

Thirteen studies outlined their definitions of misinformation, which varied across studies. Most studies 

defined misinformation as content which contained factually inaccurate and/or scientifically unsubstantiated 

claims (e.g., Brown et al., 2024; Liu-Zarzuela et al., 2024; Yeung et al., 2022). Other studies used more specific 

criteria to define misinformation, such as deviation from the DSM-V (Abishek et al., 2021), pro-anorexia content 

(Lookingbill et al., 2023; Syed-Abdul et al., 2013), and content which misleads patients regarding treatment 

decisions (Mutlu et al., 2023).  

3.6. Tools Used to Evaluate Information 

Three approaches were used to evaluate the reliability, quality and accuracy of mental health and 

neurodivergence-related information on social media.   

Seventeen studies reported the percentage of misinformation, demonstrating the accuracy of the 

information. The prevalence of misinformation depended on how each study defined it, rather than using a 

validated tool, and was calculated as the percentage of content assessed that contained misinformation.  Fifteen 

studies used the DISCERN measure, a validated tool for assessing the reliability of written health information 

(Charnock et al., 1999). Four studies used the full 16-item DISCERN, with scores between 63-75 considered 

“excellent”, 51-62 “good”, 39-50 “fair”, 27-38 “poor”, and 16-26 “very poor”. Eleven studies used the 5-item 
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modified DISCERN (mDISCERN) (Singh et al., 2012), in which a score of three or more indicates highly reliable 

information.  

The Global Quality Scale (GQS), a validated five-point Likert scale designed to assess the quality of online 

health information (Bernard et al., 2007), was used in 12 studies. A score of one indicates poor quality and a 

score of five indicates excellent quality.  

Studies varied in how they reported the (m)DISCERN and GQS, with some reporting means and others 

reporting medians. A narrative summary was used to compare findings across topics and social media 

platforms.  

3.7. Prevalence of Misinformation 

Misinformation prevalence was reported in 17/27 studies and varied across social media platforms and 

topics. Overall, misinformation prevalences ranged from 0% for videos on anxiety and depression on YouTube 

Kids (Mallya et al., 2024), to 56.92% for videos on MRI claustrophobia on YouTube (Mutlu et al., 2023). The 

mean misinformation prevalence across all studies was 26.41%.  

In terms of platform, misinformation prevalence was consistently higher on TikTok, including prevalences 

of 52% for ADHD-related TikTok videos (Yeung et al., 2022) and 41% for autism-related TikTok videos (Aragon-

Guevara et al., 2023), while another study reported higher misinformation prevalence on TikTok (10.3%) than 

on YouTube (6.7%) for content about DID (Munoz et al., 2024). The mean misinformation prevalence for mental 

health and neurodivergence-related information on TikTok was 34.56%. The prevalence of misinformation for 

YouTube videos varied depending on the topic and was lowest in videos about DID at 6.7% (Munoz et al., 2024), 

and highest in videos about MRI claustrophobia at 56.92% (Mutlu et al., 2023), with a mean of 21.99% 

misinformation. YouTube Kids had the lowest misinformation prevalence, reporting no misinformation for both 

anxiety and depression and 8.89% for ADHD (Mallya et al., 2024). Two studies investigated misinformation on 

Facebook, with a mean prevalence of 14.55%. Only one study investigated misinformation on X (formerly 

Twitter), reporting a prevalence of 18.76%, while the single study on Instagram did not report a prevalence.  

In terms of topic, social media content on PPD contained the least amount of misinformation, ranging 

from 3% on Facebook (Liu-Zarzuela et al., 2024) to 7.81% on YouTube (Liu-Zarzuela et al., 2023), while content 

on MRI claustrophobia was found to contain the most misinformation at 56.92% (Mutlu et al., 2023). Content 

on neurodivergence consistently contained a higher misinformation prevalence than content on mental health 

conditions and treatments, with prevalences of 40% (Brown et al., 2024) and 41% (Aragon-Guevara et al., 2023) 

for autism, and 38.6% (Thapa et al., 2018) and 52% (Yeung et al., 2022) for ADHD.  

3.8. Reliability of Information 

The reliability of information, demonstrated by (m)DISCERN scores, varied considerably across platforms, 

topics, and uploader types. For the full DISCERN, possible scores range from 16 (very poor reliability) to 75 

(excellent reliability). Only YouTube studies used the full DISCERN and reported scores ranging from a median 

of 31.3 (Kyarunts et al., 2022) to 35.8 (Alsabhan et al., 2024), indicating poor reliability across different topics.  

For studies that utilized the 5-item mDISCERN, overall mean scores for YouTube ranged from 1.7 (Munoz 

et al., 2024) to 3.55 (Kaya et al., 2023), indicating the reliability of YouTube videos varies from poor to high 

across different topics. YouTube videos were reported to be more reliable than TikTok videos, as demonstrated 

by Mutlu et al. (2023), who found that TikTok videos on DID had a mean mDISCERN score of 0.4, compared to 

1.7 for YouTube videos on the same topic. When looking at the mean mDISCERN scores for PPD content, 

Facebook was reported to be more reliable than YouTube, with means of 2.32 and 1.87, respectively.  Meanwhile, 

YouTube videos demonstrated higher reliability than Instagram videos across different topics.  

Professionally created content was usually found to be more reliable than content created by non-

professionals when considering the mDISCERN scores (Kaya & Azturk, 2023; Mutlu et al., 2023; Suresh et al., 

2023), although some studies reported the reliability of professional and patient-created content to be of equal 

reliability (Chakrabarty et al., 2024; Patel et al., 2023). Content by professionals was reported to be more reliable 

on YouTube than on Instagram, with studies reporting median scores of 4 (Suresh et al., 2023) and 1 (Patel et 

al., 2023), respectively.  

Three of the high-quality studies assessed the reliability of the information, all of which used the 

mDISCERN. The overall mean mDISCERN score for the higher-quality studies ranged from 1.87 (Liu-Zarzuela 

et al., 2023) to 2.32 (Liu-Zarzuela et al., 2024), whereas reliability was not evaluated in the lower-quality studies. 

Studies that reported both misinformation prevalence and overall mean mDISCERN scores had lower 

misinformation prevalence. Some studies with low misinformation prevalence also demonstrated low 
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mDISCERN scores, indicating low reliability (Liu-Zarzuela et al., 2023; Munoz et al., 2024), whereas a study with 

a higher misinformation prevalence was rated as highly reliable (Kaya et al., 2021). All three of these studies 

assessed information on YouTube but varied by topic.  

3.9. Quality of Information 

The quality of the information was demonstrated by GQS scores, which varied by platform, topic, and 

uploader type. For YouTube, the overall mean GQS scores ranged from 1.8 for DID content (Munoz et al., 2024) 

to 3.4 for agoraphobia content (Kaya et al., 2023), demonstrating that the quality and flow of YouTube content 

vary from poor to moderate across topics. YouTube videos were reported to be of slightly higher quality than 

TikTok videos, as demonstrated by Mutlu et al. (2023) in which TikTok videos on DID had a mean GQS score of 

1.1, compared to 1.8 for YouTube videos on the same topic. Content for PPD was reported to be of poor quality 

across both Facebook and YouTube, with mean GQS scores of 2.48 (Liu-Zarzuela, 2024) and 2.73 (Liu-Zarzuela, 

2023), respectively.  

Professionally created content was mostly reported to be of higher quality than content created by non-

professionals when considering the GQS scores (Chakrabarty et al., 2024; Dobosz et al., 2023; Kaya & Azturk, 

2023; Mutlu et al., 2023; Patel et al., 2023). However, for YouTube videos on autism, content uploaded by 

patients and parents had higher median GQS scores than content uploaded by hospitals and healthcare 

organizations (Chakrabarty et al., 2024), whereas there was no difference in median GQS scores between 

uploader types for YouTube videos about anorexia.  

Some studies that reported low misinformation prevalence also reported low mean GQS scores, indicating 

the information was of poor quality (Liu-Zarzuela et al., 2023; Liu-Zarzuela et al., 2024; Munoz et al., 2024), 

while a study reporting comparatively higher misinformation prevalence also reported a higher mean GQS score, 

which indicated that the information was of moderate quality (Kaya et al., 2021). Some studies reported 

information as both of poor reliability and poor quality (Munoz et al., 2024) and of high reliability and moderate 

quality (Kaya et al., 2021), although this finding was inconsistent.   

4. Discussion 

This systematic review aimed to identify the quality and accuracy of mental health and neurodivergence-

related information on social media, including the prevalence of misinformation. A total of 27 papers of varying 

quality were included in this review, and a synthesis of the included studies compared the quality, accuracy and 

reliability of information by social media platform and topic.   

This review highlights considerable variation in the accuracy, reliability and quality of information across 

social media platforms, topics, and uploader types. TikTok was found to have the highest prevalence of 

misinformation, while Facebook was reported to have the lowest, with no prior research having compared 

misinformation prevalences between the two. The accuracy, reliability and quality of information on YouTube 

varied across different topics but scored consistently better than TikTok, aligning with previous research which 

found that YouTube content contained more credible information and less misinformation than TikTok (Tam et 

al., 2022). This variability suggests that platform-specific factors, such as algorithmic systems and content 

moderation, may influence the spread of misinformation, therefore supporting theories of selective exposure 

and confirmation bias (Cinelli et al., 2021; Nickerson, 1998). This review’s findings in relation to TikTok align 

with previous research suggesting the role of TikTok’s algorithm in spreading misinformation (Grandinetti & 

Bruinsma, 2022). Contrastingly, Facebook and YouTube’s search-based designs have less focus on rapid 

engagement and viral trends, with YouTube often favoring more established channels and Facebook prioritizing 

content by existing connections and followed pages (UIDesignz, 2024; QuickFrame, 2023), which perhaps deliver 

information from more established and trusted sources than TikTok’s ‘For You Page’. YouTube Kids was the only 

platform to report findings of no misinformation for some topics, which is likely due to the implementation of 

stricter content moderation and prioritization of child-friendly content (YouTube Kids, n.d.).  

The variability of findings for YouTube across different topics indicates that platform-specific factors are 

not the only influence in the spread of misinformation. Low health literacy has been linked with the spread of 

misinformation on health topics (Borges do Nascimento et al., 2022), which suggests a lack of (mental) health 

literacy on certain topics may contribute to increased misinformation. While most studies included in this review 

did not evaluate whether misinformation prevalence differed by type of uploader, the studies which did report 

this supported previous research which found that misinformation usually originates from individual users with 

no official or institutional affiliations (Wang et al., 2019). This suggests the proportion of professional vs non-

professional uploaders may vary depending on the topic within a certain social media platform, with some topics 
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involving more discourse among lay people which may impact the misinformation prevalence, although this 

cannot be concluded as part of the present review. These findings may partly be explained by mental health 

literacy frameworks, in which conditions characterised by overlapping symptoms, less clearly defined diagnostic 

boundaries, and high public discourse may be particularly vulnerable to oversimplification and misinterpretation 

on social media (Jorm, 2000). 

Studies using the (m)DISCERN and GQS measures also consistently reported that professionally created 

content contained more reliable and higher quality information than non-professional content across most 

topics, aligning with findings in the field of health misinformation in which content by medical professionals 

were of higher quality than non-medical influencers (Dimitroyannis et al., 2024). However, anorexia content by 

doctors and patients were found to be of equally high quality, while content on bipolar disorder by medical 

professionals and patients were found to be of equally poor reliability. This may indicate a clearer public 

understanding and reduced stigma for anorexia than bipolar disorder, and there is scope for future research to 

investigate the role of stigma and public perceptions on the quality of information shared across different topics. 

However, this finding also raises concerns regarding the quality of information on bipolar disorder being shared 

by professionals and the role this may play in the spread of misinformation, particularly as health professionals 

are viewed as trusted sources on social media (Freeman et al., 2023).  

Interestingly, studies reported information on mental health and neurodivergence as being accurate but 

unreliable and of low quality, and of being inaccurate but with high reliability and moderate quality. The purpose 

of this review was not to identify relationships between measures, which would not have been possible 

regardless due to the limited number of studies. However, this finding demonstrates the importance of studies 

using more than one measure when conducting research on this topic to thoroughly evaluate and provide a 

fuller picture of mental health and neurodivergence-related information on social media.   

Many of the included studies used the (m)DISCERN to evaluate the reliability of the information. While 

this is a validated tool, it was developed for the evaluation of written health information, and the suitability for 

its use in evaluating videos on social media platforms is therefore questionable (Azer, 2020). This research 

poses a need for a tool specifically designed to assess the reliability of mental health and neurodivergence-

related content on various social media platforms, such as including criteria for short video content rather than 

purely written information.  

Another key issue highlighted by this review is the lack of consistency in how information on mental 

health and neurodivergence is evaluated and reported in social media studies. While there was variation in the 

methods used to evaluate the information (i.e., percentage of misinformation, mDISCERN, DISCERN, GQS), the 

way these findings were reported also lacked consistency, with some studies reporting means and others 

medians. This limits the ability to coherently compare findings across platforms and topics and highlights a 

need for a consistent methodology in the evaluation and reporting of mental health and neurodivergence-

related information quality on social media.  

4.1. Limitations 

There are several limitations to this review which should be considered, the first of which relates to the 

bias in the number of studies evaluating each platform. Most studies focused on YouTube, while minimal studies 

evaluated X (formerly Twitter), Facebook or Instagram. This prevented comparisons from being made within 

each platform as they were for YouTube, limiting the conclusions which can be made regarding potential factors 

which impact the quality of information on these platforms.   

As this review focused on the quality of mental health and neurodivergence-related information on social 

media, studies were only included if they utilised tools which specifically measured this, i.e., whether information 

was accurate or reliable. However, this meant that studies exploring other qualities of this social media content 

were excluded. This excluded studies which utilised the Patient Education Materials Assessment Tool (PEMAT) 

(Shoemaker et al., 2014), which measures the understandability and actionability of content. Although outside 

this review’s scope, this limited broader insights into mental health and neurodivergence-related content, 

particularly whether content is presented in a way that is understandable and promotes action, which would be 

an important topic to explore within its own context. 

A further limitation related to the use of multiple evaluation methods (i.e., DISCERN, mDISCERN, GQS, 

and misinformation prevalence). While this allowed for a more comprehensive assessment of accuracy, quality, 

and reliability, this limited direct comparability and complicated synthesis across platforms and topics. 

Another limitation was the quality appraisal tool used. Due to the novel topic area, there were no existing 

validated tools which would have been appropriate due to the designs of the included studies. While the tool 
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used was appropriate for the study designs and had been used in a previous review (Suarez-Lledo & Alvarez-

Galvez, 2021), it is limited in its validity in assessing the quality of the studies in this review. Furthermore, this 

tool does not outline a cut-off score for high quality studies, and therefore the conclusions made about the 

quality of the studies were limited to whether they were higher or lower quality than one another, and an 

arbitrary value was required to establish the highest quality studies. Furthermore, while some studies were of 

considerably lower quality, indicating a higher risk of bias, they were included in this review. While this is a 

limitation of the present review, this decision was made as removing lower-rated studies would have made 

comparing findings by social media platform and topic even more challenging.  

Finally, the generalizability of these findings is limited by aspects of the studies included in the review, 

particularly that many studies did not report inter-rater reliability, and that most included studies evaluated 

content in only one language. Furthermore, while this review included some studies from the Global South, the 

majority came from the Global North, which presents a risk of Westernised bias and limits the present review’s 

generalizability to other international contexts.   

5. Implications and Future Directions 

These findings have important implications, particularly relating to public (mental) health. Given some of 

the concerning findings related to the accuracy, reliability and quality of mental health and neurodivergence-

related information on social media, organisations for mental health and neurodivergence should disseminate 

more credible content to counteract misinformation. Individual clinicians should also actively engage with 

content and share accurate information to users, with organisations and services providing support with this, 

including guidance on effective and responsible information sharing on social media. Considering the fast-

moving nature of social media, it would be beneficial for future research to understand the social media literacy 

of clinicians and identify areas of learning to support with the sharing of credible information. The accurate 

interpretation and responsible sharing of social media content for both clinicians and the public could be further 

supported by social media literacy initiatives.  

Future research should assess social media user demographics by platform to identify whether this 

influences the accuracy, quality and reliability of information across platforms.  This review also demonstrates 

the need for consistency within this topic, first with the conceptual definition of (mental) health misinformation, 

and second with the measurement and reporting of information. Future research should therefore focus on the 

development of validated and standardised tools for assessing the quality, accuracy, and reliability of assessing 

this content on social media. From a policy perspective, these findings support the development of clearer 

standards or recommendations for online information on mental health and neurodivergence. Finally, these 

findings highlight a need for platforms to review algorithmic designs and strengthen content moderation 

strategies to prioritise accurate information on mental health and neurodivergence and reduce the spread of 

misinformation, particularly for trending or highly engaged content.  
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